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Model input • What goes into the model 

and does the dataset cover 

the expectations? 

• What is the quality of the 

data? 

• Is the data complete, 

accurate and 

representative? 

• How do the modellers deal 

with outliers and missing 

values?

• Datasets with both higher 

volume and 

dimensionality

• Unstructured data

• Modern data pipeline 

• Unintended bias might 

arise

• Focus on data quality strategy

• Assess input data on potential 

bias 

• Understand and test data 

pipeline 

• Assess unstructured data 

using AI techniques

Model 

soundness

• What is the model structure 

and is this mathematically 

correct? 

• What assumptions have 

been made and do they 

hold?

• Black box: model can 

easily become complex 

and hard to understand.

• Modelling techniques 

that are not as widely 

understood as traditional 

models.

• Harder to boil down to 

assumptions.

• Use ‘standard’ components

• High standard of coding

• Clear documentation, 

including components like a 

proper Git flow.

• Explainable AI 

Model output • Test calibration accuracy

• Discriminatory power, 

• Robustness of predictions

• Stability of model estimates

• Link between output and 

input less straightforward

• Other metrics to assess 

outcomes

• More extensive 

monitoring

• Prone to overfitting

• Automatic triggers to test 

stability continuously 

• Rely on more computationally 

intensive methods

• K-fold cross validation

• Benchmark accuracy and 

discriminatory power with 

more interpretable models 

Regulatory 

compliance

• Is the model in line with the 

most recent external and 

internal regulation? 

• Ideally a regulatory checklist 

has been used and can be 

assessed.

• More freedom in 

modelling choices 

• Authorities promote use 

of AI if added value is 

clear 

• Guidelines sometimes 

available but less clear

• Use and adhere to available 

guidelines for use case

• Assess internal guidelines

• Iterate often with 

development team and start 

early

Model 

implementation 

• Is the model implemented 

correctly and in line with 

model design? 

• Is the model running in a 

suitable IT environment?

• Design flaws prevent 

models going into 

production.

• Continuous monitoring

• More flexible and 

versatile IT platforms.

• Review the set requirements 

• Multidisciplinary validation 

team with data engineering 

capabilities

• Increased focus on monitoring 

and change management.
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Figure 3: The more complex the model, the more important it is for the validation and development team to cooperate and interact. However, the validation needs to operate 
and form a judgement independently. A balance needs to be struck between cooperating effectively and independence of the validation.  
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We are ready for the future. Are you? 


